A: Estimates from Previous Studies
.1 shows annualized alpha returns (in %) for transaction-based portfolios as reported in Table 2 and Table 3 in Ziobrowski et al. (2004) and Ziobrowski et al. (2011) respectively.
These estimates are used to construct the upper part of Figure 1 in the main paper. Table A .1: Summary of 2004) and 2011) : Annualized excess returns (%) on synthetic (transaction-based) portfolios of members of the Senate (1993 Senate ( -1998 and House (1985 House ( -2001 Ziobrowski et al. (2011) . Grey shaded estimates are not reported in Ziobrowski et al. (2011) , but computed using the reported buy minus sell estimates (see text for details). †, , and indicate significance at 10%, 5% and 1% level (two-sided tests).
B: Data Construction
In this section we describe how we constructed our data. As a result of the 1978 Ethics in Government Act, members of the U.S. Senate and House of Representatives are required to disclose their stock investments (as well as real estate and other investments, liabilities, and outside income and employment) and those of spouses and dependent children in annual filings known as Financial Disclosure Reports. We use the common stock holdings and transactions reported in the disclosure forms between January 2004 and December 2008 to reconstruct members' portfolios and then evaluate the performance of those portfolios using modern methods from empirical finance. Our analysis includes all holdings and trades reported by members, including those owned by spouses and dependent children. Members may also choose to create qualified blind trusts, which are managed on their behalf and whose holdings are unknown to the member. In our data 20 members report qualified blind trusts. It is impossible to know from the disclosure forms how much a member personally directs his or her investments, but unless a member uses a blind trust it would be easy to pass on information to a money manager.
The Center for Responsive Politics transcribes these reports, beginning with 2004, and makes the data freely available on its website (www.opensecrets.org). We thus received the data as a pair of spreadsheets, one with a row for each of the 111,101 transactions recorded and another with a row for each of the 169,828 year-end holdings recorded. The first task in converting this raw data to stock portfolios was to identify the companies in which members hold stocks. The disclosure reports do not identify holdings in standardized ways (e.g. an investment in Bank of America common stock may be described as "Bank of America," "Bank America Common Stock," "Banc of America," or "BOA"); we used search utilities provided by Google Finance and the Center for Research on Security Prices (CRSP) as well as manual checks to link variously described assets to actual companies. Even more challenging, the descriptions may not precisely distinguish between stock holdings and other types of assets such as corporate bonds, mortgages, auto loans, or bank accounts. To reduce the risk of misclassifying savings accounts and other financial instruments as stock investments, we hand-checked the disclosure report for each apparent financial stock to attempt to distinguish stocks from other types of assets based on other clues in the forms, such as columns reporting dividend or investment income.
The next task was to impute a dollar value for each holding and trade reported. Members are only required to report the value of their investments in broad value bands (e.g. $15,000 -$50,000) rather than exact dollar amounts.
1 In order to impute precise values for investments reported in these bands, we took advantage of the fact that we do know the precise value of a sizable minority of reported investments -those cases in which a member submitted an annual statement from a bank or investment manager rather than filling out the official forms.
2 We used these investments to fit a distribution of precise values and, for each investment for which we know only the band, we impute the expected value of the precise-value distribution within that band.
3 For the highest band (investments over $50,000,000), of which there are fewer than 100 holdings and 5 trades in our estimation sample, we impute the value of $50,000,000.
Having linked each holding and trade to a company and imputed dollar values, it remained to reconstruct the day-by-day stock portfolio. Our approach in reconstructing a portfolio from the disclosure reports was to start at the last day of each year, for which the reports provide the entire portfolio (i.e. the year-end holdings), and work backward to the beginning of the year, adjusting the portfolio each day to reflect purchases and sales as well as fluctuations in value due to security price changes. (In other words, each portfolio is rebalanced on a daily basis.
4 ) For example, suppose a member reported holding $10,000 of stock in Company A at the end of the year and reported purchasing $5,000 of stock in Company A on June 1. This member's portfolio on January 1 of that year is estimated by calculating what $10,000 in Company A stock was worth on June 1 (based on the return between June 1 and the end of the year), subtracting $5,000, and then calculating what that value was worth on January 1. In this way we calculate dollar value holdings for every member of every stock on each day between January 1, 2004 and December 31, 2008.
C: Descriptive Statistics
In the right panel of Table C .1 we present summary statistics describing the stock transactions of members in our dataset; for each member, we calculate the value and number of transactions in each year and then average across years to get member-level yearly averages. As in the period covered by Ziobrowski et al. (2004) and Ziobrowski et al. (2011) , the distribution of annual transactions across members is quite right-skewed: the average member buys and sells 18 and 22 stocks per year (respectively), worth about $402,000 and $619,000; the median member buys and sells 2 and 3 stocks worth about $17,000 and $40,000.
The left panel of Table C .1 displays the summary statistics for the annual averages of member portfolios for the 2004-2008 period. Member portfolio sizes range from $501 (for a member who reported a single stock in the lowest value band) to $140 million, the average reported by Jane Harman. Just as with the stock transactions, the distribution of stock holdings is strongly skewed: the median member on average holds stocks worth about $93,000 in 5 companies, while the average member holds about $1.7 million in 19 companies. 
D: Additional Results

Robustness Checks For Transaction-based Portfolio Analysis
In Table 1 in the main text we report estimates for the transaction-based portfolio analysis that replicate the approach used in Ziobrowski et al. (2004) and Ziobrowski et al. (2011) for a more recent time period. Here, we extend that approach in order to check robustness and shed further light on trading performance in Congress. First, rather than converting value bands specified on the disclosure reports to precise dollar values using midpoints as in Ziobrowski et al. (2004) and Ziobrowski et al. (2011) , we attempt to more precisely record transaction values by adopting an imputation method that takes advantage of the fact that many members report exact dollar values (see Appendix A for a description of the imputation methodology). Second, we construct synthetic transaction-based portfolios based on not just 255-day holding periods but also 1-day, 10-day, 25-day, and 140-day holding periods, allowing us to detect more short-term trading gains. Third, we estimate the alpha excess returns using the CAPM but also the FourFactor Carhart model, an extension of the Fama-French Three-Factor model that adds a momentum factor to the Three-Factor Fama-French model used above. The momentum factor, MOM t , is the return on a hedged portfolio that is long in companies with the best performance in the previous year and short in the companies with the worst performance in the previous year (Carhart; 1997) . The results are displayed in Table D.1 Regardless of the approach used, we find that the trades of members of Congress are not particularly well-timed. With some combinations of holding period, model, and weights we find evidence of good or bad trading acumen, but the overall results are again consistent with the null hypothesis of zero excess returns. Note: Monthly alpha returns in % (with robust standard errors in parenthesis) for calendar time portfolios that mimics the valueweighted and equal member weighted investments in stocks bought or sold by members over the 2004-2008 period. Results are reported for fixed holding periods of 1 day, 10 days, 25 days, 140 days, and 255 days. Within reported value bands, dollar values are imputed using the lognormal model as described in the main text. Long-short is the monthly average return of a zero cost portfolio that holds the portfolio of bought stocks and sells short the portfolio of sold stocks. CAPM alpha is the result from a time-series regression of the portfolio excess return (i.e. raw return minus risk-free rate) on the market excess return. Carhart 4 Factor alpha is the result from a time-series regression of the portfolio excess return on the three Fama and French (1993) mimicking portfolios and the Carhart momentum factor. †, , and indicate significance at 10%, 5% and 1% level (two-sided tests) for excess returns. Table D .2 contains our replication of Table 2 in the main text using the CAPM model. The findings are similar to Table  2 which uses the Carhart 4-Factor model. Note: Table shows results from analysis using the monthly returns (in %) of the holdings-based calendar-time portfolios of all members of Congress that report holding common stocks during the 2004-2008 period. The dependent variable is monthly risk adjusted return of a Member's holdings R i,t − R f,t (where R f,t is the risk-free return from Ken French's website). Portfolios are based on information reported in end-of-year financial disclosure reports (see text for details). Controls are the market excess return (R m,t − R f,t ). Rogers standard errors (clustered by month) are provided in parenthesis. Models 1 present the regression for the sample of all members. Models 2-26 report regression results for selected subgroups of members. Power committees in the House are defined as Rules, Appropriations, Ways and Means, and Commerce; in the Senate as Appropriations, Finance, and Commerce. Party leaders include leader and whip of the majority and minority in the House and Senate, plus the Speaker of the House and the President Pro Tempore in the Senate. Committee leaders include committee chairmen and ranking members, along with vice-chair. Stratifications for seniority, portfolio size, and net worth are based on equally sized bins. Pre-congressional careers are classified based on Carnes (2010) into Business Owners, Lawyers, State or Local Politicians, and Other careers. A member is classified as belonging to an occupational category if he spent more then 60 % of his pre-congressional career in that category. †, , and indicate significance at 10%, 5% and 1% level (two-sided tests) for excess returns. Tables D.3 and D.4 replicate the analysis of Table 2 using aggregated data, as explained in the text. Briefly, in place of our panel regressions, which estimate the average alpha across members-months, we carry out regressions that model the average monthly return on a single portfolio that is created by aggregating member returns. For the Aggregate Congressional Portfolio the average monthly return is computed using a value-weighted average across members; for the Average Congressional Portfolio member returns are equalweighted across members. Table D .3 provides the results of our estimates of the abnormal return on the Congressional portfolio. Panel A shows that the average monthly excess returns for the aggregate Congressional portfolio is negative and significant at conventional levels in both the CAPM and (value-weighted) . Panel B presents results for the gross return on a portfolio that mimics the investment of the average member of Congress (equal member weighted). CAPM is the result from a time-series regression of the member excess return on the market excess return (R m,t − R f,t ). Carhart 4-factor is the result from a time-series regression of the member excess return on the Fama and French (1993) mimicking portfolios (the market excess return, a zero-investment size portfolio (SM B t ), a zero-investment book-to-market portfolio (HM L t )) and the Carhart (1997) momentum factor (M OM t ). Robust standard errors are presented in parentheses. †, , and indicate significance at 10%, 5% and 1% level (two-sided tests) for excess returns. Table D .4 reports the estimated excess returns across selected member subgroups using the aggregated data approach. The results are very similar to the results from the panel regression. The only noticeable exception is that the aggregate portfolio of prior business owners beat the market in some specifications. Other than that all subgroups consistently underperform. Note: Alpha returns (in %) for selected subgroups with robust standard errors in parentheses. Aggregate returns/Average member returns are for portfolios that mimics the aggregate investments of all members/investments of the average member in a specific group respectively. Alpha returns from the CAPM are estimated with a time-series regression of the members' monthly excess return on the monthly market excess return. The Carhart 4-factor adds the Fama and French (1993) mimicking portfolios and the Carhart (1997) momentum factor as controls. †, , and indicate significance at 10%, 5% and 1% level (two-sided tests) for excess returns.
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